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Abstract

Image Auto-annotation remains as a challenge in machine vision. Most conventional approaches
concentrate on the relations between visual images and labeled concepts, and neglect the correla-
tions between semantic concepts. In this paper, we present a novel approach called Image Au-
to-annotation using Semantic Link Network (IA-SLN), which can effectively capture semantic cor-
relations to boost image auto-annotation. Specifically, we first construct a semantic link network
based on the global concept correlations and the local concept correlations. Second, we utilize it to
annotate unlabeled images. When a concept and its associated concepts frequently occur in im-
ages, the prediction of this concept will be boosted in our IA-SLN. Finally, we obtain the most rele-
vant annotations for each of unlabeled images by using a new strategy of annotation promotion.
The experimental results on the publicly available dataset IAPR have shown that our approach
performs favourably compared with several other state-of-the-art methods.
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Figure 1. The system framework of semantic link network
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