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Abstract

With the advent of the age of information explosion, the property of information data which is Vo-
lume, Velocity, Variety, has brought a natural application scenario for data science and big data
technology. By introducing the concept, theory and technology of big data, this paper analyzes the
application and development status of big data practice, gives a brief panoramic view of big data
method and its application, and provides theoretical guidance for big data development in modern
information society.
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Figure 1. Research dimension
1. RYERE

KEAR IR 78, B2 RN IR RN RN, HAEREMEN RS Y]. B
A2 AR AREIE 2 MR . KR A & 2 FEEGRE O i GOk A7 AR i v RN g 2,
AL FEEPE AR . B o P VBRI R S IR . R, BRI A 2 BIR 2 AR s, A
JEL WLER2E2T . Guil S ohesemig K. MRz 5, B TR AR A EHOR, ML I g2
FALEAE TR . Gt S R s B I S R R B O B, Il v S AR AR g R S IS R A
NS MR 22 2] B 2 JE e N A28 3, AT 15 08 T-HLAR 2% 21 SR i R B e it 9 B A 4 ] g 2
WA

WL 22 212 N TR Re U I S B0 v, B B A S LT AL A B S N 2R 22 21T, DRI
FEHECH R R, B CA RN AW SCE B SRR, BT LA 2 ) FE A Re AL B
i, DRI R B AE . A S AT 1 B At DAIE B MR, A A A M AR RN A [ o Pk B B S FH Y
271 [8].

WLES 2% 2] BLVE AT DAy N B 2 S AR IR B 2 ST SRR e B 22 ST B R B ARic I I 2k
AEAT], DS AT R IR AR DAA B AT An e T o [0 U3 [ it 2 i B P B 2 ) e, T
B2 SRR R A AMC I GREAR A T2 3], LRI SRR AR T s /PR . SRR 2 7 1
ToMR B ) . BARI L 2l 2 Fos .

PEBE B AR N 32 R B SR T LB i SRR ENL(SVM). ik
WEEE . R, BEMUARMRE L. DU S g RE . BT Ao . IE W E A TR,
B XS AS R 1) AT T AN R AR I oltn s SCHFIERNLS AP 2 S UL 7 ) S92 2 ML 25
SIRLE IR, H 2 FDREE TN S MRS, T R MR o b S R T
G ERVS o BT AN R B AR = 2 (B A D% o0 R I HE[9]

RAEHE N ERUE, B 7 K B RS i AR A A A BE 2 4, it 2 R RE S 1T o 7
FIUONEE ., (EIEREAME. HEEg R RS, ILEIERLR . 280 ) HERE BT BT 15 H i 45 R B /r
B RE A% — 4t DL ) 35 B e

DOI: 10.12677/csa.2019.99193 1726 MR 5 R


https://doi.org/10.12677/csa.2019.99193

WS K, ZER

R

EEEEid]
g% Y35t

Figure 2. Algorithm category
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Figure 3. Platform hierarchy
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Figure 4. Typical commercial big data architecture
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Figure 5. China’s IT industry investment structure
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Figure 6. Traffic big data
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