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Abstract

Based on the text information, this research focuses on the static text to obtain the characters’
characters in novels, scripts and other literary works. Using the novel “the ordinary world” as the
sample analysis training model, combined with the big five personality algorithm in psychology, it
mainly adopts the combination of neural network and traditional machine learning. By comparing
the model effects of the two models doc2Vec and word2Vec + CNN, it is found that the former has a
better performance when predicting the character of an unknown person. Therefore, the model
makes the idea of intelligent text analysis possible, and the prediction score can be mapped out
the characters’ character vocabulary through the big five personality scale, so that the future ma-
chine can “read” the semantics, and the user’s portrait, intelligent machine and psychological de-
velopment is of great significance.
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Figure 1. Development of natural language processing technology
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Figure 2. The number of appearances of characters in the ordinary world

B2 (FASHER) AR

i DA AN AR 187 5 28 DA SRR GE T 0, FRATHT DA iz gl 2 AWt I8 s s, O
HOEA EHI ) AMPRRALE, B oo AW AL R W) LR W 2R T AR R PRI, BRI 3
ATEIANDF L A2z FE A B AR 9 N S Re A AT AP 234
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FESCATAC AT, H TR AN P22, FE R e S 00 N YRR i i ok, A dik
BRHEHGHNE. BEHS. SRS ROEES, FIEARG S, IS R EZAMN
GBS HICRECIE i P bl BUR CE S AN NE A B e S e G b S A NE RS S U E AR - YN = B
FEA, WNERR, WK 3.

| i EHThesaurus

.| b= Thesaurus
|| ZbFThesaurus

|| BE&Thesaurus

1 |

bt
bt
4 it

LK

Figure 3. Sample analysis of characters in the ordinary world

B3 (FRetER) ASER

FATIE A AR B BT B/ AR . RS aifE. EF e, PR, WA 4.
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Figure 4. Excerpt from the description of characters in the ordinary world

B 4. (RREGHER) Aofmdak

AR T, Je kBT, DR Z R AROR . 45 R T EBR, LA 5.

Figure 5. Analysis input text
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I doc2Vee AR IYAN AW 1a) BT DL K m) SR R s, WL 6 FiE 7.

& JEhttest features.txt

Figure 6. Doc2vec character vector model

6. Doc2Vec A¥)m=&EHY
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Figure 7. Doc2vec character vector representation
[ 7. Doc2Vec AMEIER R

2) Word2Vec 4= %
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MmER 2, 3814 (1) 300 NMERAZITERALEE, FRR1S 20 45 R s oA, RI43 300 ZE 1ARFAE SR A]
&, WHEprs, HE 8.

Figure 8. Word2vec character feature document vector

& 8. Word2Vec APHF{EX 1 [EE
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X SRR BT, BATRITE, AN N IR, IR SRR P BAT W
HISMETPE (Extroversion), [ HBEEAHEL T-Ah b2 5, AMEIND 2 AMIIE AR 4, BRI P D22

Figure 9. Vectors from doc2vec training
[& 9. Doc2Vec WIZET 15 E 2
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Figure 10. Word2vec training vectors
& 10. Word2Vec JIZF1SEE
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Figure 11. Doc2vec vector output results

[ 11. Doc2Vec FIEMHER
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Figure 12. Word2vec vector output results
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