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Abstract

Aiming at the problem of edge sags and spikes in the segmentation result of the target container
obtained after user interaction with the traditional GrabCut algorithm, a method combining the
guided filtering algorithm and the GrabCut function was proposed to improve the above problems.
This method uses user interaction to mark the target area where the container exists in the color
image with a rectangular frame. The target container is segmented by the GrabCut algorithm, and
then the guided filtering algorithm is used to binarize the segmented result as a guided image
mask for guided filtering Film, and finally the target container segmentation result is obtained by
combining the original image and the guided image through a guided filter. The measured peak
signal to noise ratio (PSNR), structural similarity (SSIM) and average running time of the proposed
method compared with other comparison methods. Compared with several other methods, the
experimental results show that this method is effective for GrabCut segmented edges. The prob-
lem of sags and spikes is better than the comparative method, and it is significantly improved.
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Figure 1. GrabCut algorithm diagram
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Figure 2. GrabCut algorithm diagram
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Figure 3. Guided filtering diagram
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Figure 4. Combining guided filtering and GrabCut flowchart
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Figure 6. Interactive segmentation process
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Figure 7. Combined with the experimental results of different filtering algorithms
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Table 1. Comparision of GrabCut with different noise reduction algorithms
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