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Abstract

This paper explores the word-of-mouth situation of Pinduoduo in the past year and refines its in-
ternal factors to form a model to enrich the research on word-of-mouth of Pinduoduo e-commerce.
In this paper, spider and interview methods are used to obtain online and offline data. through the
emotional analysis and cluster analysis of online data by Python and UCINET, to explore online
word-of-mouth of Pinduoduo, and then using grounded theory to encode the interview text, that
is, offline word-of-mouth, three-level code, summarize the influencing factors model. It is found
that the user’s word-of-mouth evaluation of Pinduoduo is mainly formed by three dimensions: in-
dividual, platform and society. According to different dimensions, some suggestions are put for-
ward to improve the word-of-mouth of Pinduoduo.
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Figure 1. Research road map
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Figure 2. Emotional analysis chart
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Figure 3. Cloud map of positive word of mouth
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Figure 4. Cloud map of negative word of mouth
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Figure 5. Cluster analysis of positive word of mouth
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Figure 6. Cluster analysis of negative word of mouth
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Figure 7. Influencing factors of user experience

7. RPEHE SN EEE

4. IRSCA A
TERSAHTAE R AL S e 5 ) SV AR SV ATV VU 8 F Ve,

DOI: 10.12677/ecl.2020.92006 52 TR 4TS


https://doi.org/10.12677/ecl.2020.92006

Wiz %

FATEEE T 15 ZUTRA G, X 15 ZUTRARIEA 3 FLLEHEFEHMIBER. b7 A5 5
RAEFER e A 2 %2, JiR 8 B BE 2 Z IS IRIAE 3 M H UL, WPt 2808 T

BT A NR U 1R 2 BRI DN T VRN L VrRAREE G2, U5 RAmR U 1k 3288 % B (4%
WA ) 5205 B AT R, ARV R R X DT R RT3, PRGBS IR, SE IR
03K AR 15 43321538 BV RIC S i =24 i 1 77 2006 U5 BAD AT 0 A SR 2

4.1. FFA 4o

FURBEARHT SRS — D RIS . R Ui R s 20 SR Ve wi A o x SRl da s it &4k
MRy, BRI —— S —— st . XTI EdE, E M SR A, 0T EE 2L
WARIIGE AL, BT L2 A AR R BE— P Tums Al . ASRBIE FUSLERE T 12 DYElE, 70502 i dh
@k, CFadt. FEIRS . WRRS . FEERAe. AW, FEES). FEEML. HWREE. B
W ERM MM, Wk 2.

Table 2. Open coding process
= 2. ARSI

JE G EE G 9Y) Bt LR
AW RN RERZ G, IR TASESEEEL I, WH2 2Rk, BRI B
RVE R B ERSE T — AR A i A RS BN B SE AN TR ™ A B E B i iR
Hf B E AN PR 7 PR i

P2 2 I BCA OIS, BORBAEL s/ i, (B QUR I STRAREAT A MBRABAMERE W4

Ve S o BOR BB ] BT, WAL, T HE 2 LR RENEEEAZ k7Bl
%Eﬁﬁﬁ%%ﬁﬁﬁk%%&ﬁ%ﬁﬁEiﬁﬁﬁ”ﬁ%iAﬁ%E%%k?,kE,Eﬂ S ol

Pr2 2 I ELEAEN, HAE M, ERANATE, Hirthm, RICHEE H 2R T A2

Mgtz 2, MAPHIE, BAMWEHE, HERE IR SRR a7 =
FE MRS
A EJEIE R AT, TP, R A, (BRI NAEE, R EERS
] 5 3% R
PE2 2 R VETRACAT PR A2 LIS e, PR #0E 5 FIRLAS, AP 2 2 T 1M Pus RS, .
s AL IR R 55
B IR ATIE
MRS
BIT 22 RA, AR 4 IR AKR T, RIS T A PLig K
BIANER, EAMRSE, WE—Mr=REEEAN, MHFaEEh &MH SR, A EE
1RIF e
15 B4
Ad#t 2 2GR ESH s, BuRRAME T, REHEEKT Bl 24

DOI: 10.12677/ecl.2020.92006 53 TR 4TS


https://doi.org/10.12677/ecl.2020.92006

Wi %

Continued
2RI 2 NS P2 2 AT B 1R 22 , FRIBI 3405 75 th T 2 T A 8 4 2 (o M (B N
SAECE i 138) TR
REAEI L Z T BER, R RS UKD, RSP L2 AT R S
FLSEI o
%wmkﬁﬁ%%ﬁ%m,%ﬁ%&i@iligﬁmiﬁﬁﬁ,ﬁ%ﬁﬁ%ﬁﬁ%*%, - ——
A 45 VR S BT IR RS FRIK app iEANEHEAS L LU 31 FRIGSE, e B 10 3 IR MO BV B S
WK, WARASEMAPLL T, RATAE ST R w
T SE AR A IR AT, RAERITIMAIN, (HEHZ 2 K LHIENHEESZ, MR Wi
AREH -
P22 FERAH A NALRBMBIIB 7, RECRRAE K, BA 1 MERIENEL T A5
— (AR, EBEVTRR R AL, BT AR 4 A
TR SRR B, XUETRABE TR T P E 20 —ns, WsmmE, R — e
Bl i 7 2% 2 28 3 5 1 =
T, MR, e, HEenmEks T, FAEEHE A IE
2R ARG 4, AR — N REER, T AR U A SRR T, —_
B2, THAHBA—E 24 ks
B
P2 2 RITWRIE T NOSUMER, AHORR A, N ALE% Tk, RMERER A
A, MEAMAZT B
WO ORI RHE AL AT, BRI AR S, SO R R, AN R [r—
(ERHEAT (0, T DRI AR AT LA, th 5 AR R WHITR
R NBBIE S, RENHAPEET, WA S e L, EEREK, RS AP W 7y =, I SHAE
R Rew s B3, BRHERY, AEAROASE, MRt rAsg, B, fgs ——

WS RABLIE R B T

MWTEIIL 2 B SR NP2 2 AT 7 4 MHAWE TEE, — IR a A4
Ma2 NEXRHH L2, RIGHITHH KRBTSR, KIGERHEER S 28, R AP FHP B
JREBITIRE TR ERHZ 2 .

TFACENINY T TR AIE F A e ar A R R A, SUR EZFU SR S A T R R o ] Hedi
s, BRI AR R A P ke, EETE, REMHMNRS 0 -

Ekiw v

)

AP APP, Vi EW, HUR, BURTARTGYIRI, KRN 5 — KB, TiE, ¥ £ 1] He
EHREL/ VLT, ARMEMASIEX, KZHECK " -
MG, FRE LK, BT, A CHFREL PRV ERTERIZSRARM, R

CMEENIES, FRGEA, BN, MRS SR, MEnrrHmnsy AEER e

4.2. Tih4mEG

FUREIR I EE 2D R Mm% AEF GG iS5 B A vu G AL At b, 3D R B2 8 2 18]
MR FHER R, R BCHTT e R ARt — DRI, RGN R 2 D VulE, Wk 3 Fn.

DOI: 10.12677/ecl.2020.92006 54 TR 4TS


https://doi.org/10.12677/ecl.2020.92006

Wiz %

Table 3. Spindle coding process
3. EHYmDIdiE

Fr Wi o
T Tt
FEIEH
o TR
[=R=R
FaR% o
B il 2% (i
YIRS N
= e PR LRI
4 Ui RE AR
HEAE B
HAC R 30
F P R Nl
T SR E )
R A N RdE
¥RV

4.3. EFFMEYRED

FUMRHEAR S =D R FE G 65, o B R 3 Bl g B T ROV B 0 — 0 B S AR IR, T % L B A
WA P2 2 PRI VEAN I S R R, fnlA] 8 P

> EEGR
—> A >t
RREON TS
przom —
> EEEE
> EETR
> s
> T G
> ARG

Figure 8. The influencing factor model of the word-of-mouth of Pinduoduo
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