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Abstract

The verification system of personal foreign exchange business uses the big data of foreign ex-
change transactions to directly list individuals who borrow others’ quota to handle the settlement
and sale of foreign exchange, through the algorithm analysis of big data. It can find out the subject
of abnormal transaction in time, predict and analyze the possible clues, which provides the basis
for legal authorities to lock in targets and find out abnormalities, screen violations and fast law
enforcement. The effective combination of off-site data analysis and on-site inspection can be
achieved, which can improve the actual effect of on-site inspection. It is necessary to predict and
analyze the amount and total amount of the individual foreign exchange business in order to ana-
lyze the change range of split amount and total split amount, as well as master the quantitative
and qualitative changes of the individual foreign exchange business data. Each forecasting model
has its application scope. Based on the analysis of the existing prediction algorithms, we establish
the forecasting of year-on-year probability based on probability. The simulation verification of the
big foreign exchange data of the year-on-year probability forecasting model shows that it can not
only obtain the data change trend of time series, but also make data fluctuate changes according to
the seasonal characteristics. The forecasting model for year-on-year probability is more accurate
than the gray forecasting model based on time series when predicting data with large data gaps
between years and fluctuations.
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Figure 1. Breakdown of each month in 2015~2018 (simple statistical model)
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Table 1. GM(1,1) model prediction results
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2018 1 A 311 311 0
201842 H 302 269 —-10.927
2018 43 H 269 270 0.372
2018 4 A 252 271 7.540
2018 %5 H 263 273 3.802
2018 % 6 H 243 274 12.7572
2018 7 A 269 275 2.230
2018 4 8 H 274 276 0.730
2018 %9 H 308 277 —10.065
2018 4510 A 314 279 —11.147
2018 4E 11 A 289 280 -3.114
2018 4F 12 A 249 281 12.851
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Table 2. Forecasting model of year-on-year probability model prediction results
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2018 £ 4 252 246 -2.381
2018 4£ 5 263 253 -3.802
2018 4F 6 H 243 251 3.292
2018 £ 7 A 269 261 —2.974
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Figure 2. GM(1,1) and forecasting model of year-on-year probability comparison results
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