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Abstract: With the quick development of the Internet, online information recourses are becoming richer and
richer. However, traditional search engines are becoming hard to acquire the users’ retrieval intention because
of the short keywords user inputted, so it is difficult to satisfy the needs of the user. In this paper, we proposed
a Weighted Set-based implicit feedback algorithm to improve accuracy of the search engines effectively. Th-
rough analyzing the characteristics of the snippets of Web pages search engine returned, we present a kind of
Weighted-Set for representing Web page snippets and a method for calculating the weight of elements in this
Set. In addition, we design an approach to calculate the intersection between any two Weighted-Sets, which
can obtain users’ implicit search intention automatically, so that we can improve search accuracy in the way
of query expansion. Query expansion experiments on the popular Google search engine show that our algo-
rithm can improve search accuracy effectively.

Keywords: Weighted-Set; Search Engine; Implicit Feedback; Intersection Operation

—METHENR SRR ZRARIREE

kOB, K2
JEEMUEHR AR Z AR A E R E AL %, bt
Email: {hzhang, chy}@nlsde.buaa.edu.cn
WekmE YT 2011 4F 10 7 H ABRIEWE: 2011 4F 10 29 H: FAEM: 2011 4E 11 5 19 H

& F: % Internet KR AR, ML(E B RBEIT IR A . MR 2 G AR R
R R R E R, HAEREICEILAE RO & . 8 7RI R 5 BN AR,
ARSI T — P BUR A RSN BURE . ASSCIE L 7 M 28 51 BR8] 85 SR U ks A, FRHE T
R Y T )RR B AR TR IR E TR, IR T R R A AR IE T
A E AT DRI P RS R S, e LAY Ay R e R oI B e . A
Google R 518 L il ¥ AFIERE T8, 8k 7 ARVERA 2.

XA PR, MR, BB LRIEE

Hans Xith

B HLECR L Web {5 BAIHY, 2R3 E O N
MATHEAS B v 3R BUA 2fs BAR l lii T R . 4R
M, WRIEHRRWAZ, LU A “PC
¥ B, #ZE5)% Google &iR[A] “PC EERMNAE”
“PC HUININ S ™ S48 SCEAR R A (45 31, T FL&h S
o4 105,000,000 2 2N, fH15FH IR T AL 4 £ i

Copyright © 2011 Hanspub

IRV 8 fh IR R B AR P, A I B AR AN B AR Y
SRR B . AR MIRAA 50% 10K 2= ok
9B AL 45 520 X kA I R0 5 R A A T
— D5 T NAT TR N BASL ZR 3R] — AR KL, 2 Web H6r 2R 1]
KA 2.4, E—FR AP ERZE A 1
MR, ZEAME R AL, AR
WGBS, R EREA
JUMSZR AR AR A T L SE /R, R BER A %8 1a] L

CSA



SRME S5 | — Pk T B A IR R 5 B AR B 129

e fr) 7 2R [a] K 4 A P a3,

IR R S HA — & i It ae H iR P )
REE, BaRATOEFEH 2Rk R SRR
BIEPAT, IR K m e 0% . {4548 28 51 4
RERS H BN P R S e ? A7 R Fi N T i
T “MIFB” (Relevance Feedback) /715, FHIE
AT HAE (S B R T A R SR R
Mg, EEERREE TP A Bk R AN
BB, AR 5 B 5 75 B FH P WA 4 LB L SR
FFEARNESRBIA IO, Hbs HIRADEH P EE
X RN RN . B BN 24 T 2
WFA R a0 e AR e PR R R
I PR A2 BAT (A N B SRR . R I L, 4 B
I IR) 55, Rt A A B SR RS & I P R R
K.

A 78R 5B 0] 25 S U RR i, B
R A X A7 L AU A DA AORE R TG 3R AR
WEINE, st 7 PR S SR IE E T,
i iZisE A USRI PR SR E R, sElE
WY R J7 A i 2R 5 B HER 1

AHAREFT AW T: 56 2 B A
KHFF s 2 3 SR G RY () 8 3 A T AR
Ty 20 4 BXRIA LI 4 R AT b 3 5 mELE

Bk,
2. lAXAR

FISR R BRI — AN 572 Roechio FVEN, H
ST DU R i A SRR

qopt=argm3x[sim(q,Cr)—sim(q,Cm )] (D

BV e e S 5t 17 2 g, S5 AR S SR A €, AR BLE
R, HAMKRERMEMELEC, /. SCHR[11]
& Rocchio BVEM—/Nsf], FBRET RGHE B
SR SRR R A R SO AR RS, R A OGS
P 5 A AH RSO N IR G Bk S R G B v
o SCHR[12]45 T — PR A& - s AT il
SEHEAT WX DU AR SR AZ I (0 7%, fE LR 25
T M S A R TR SR SR OGS SCER[13] A
Web2.0 HFH AT AVENBE SO R, dl I ke 7 B At

Copyright © 2011 Hanspub

Jra, R TP RBUMARBES, s R
50 1 2R 45 A HE A4 0 B ATy 2K DL RO N s B RE AT W
Foo R T AL T2 0 2 1 X DT HE PR S

DA bR A Sk 2 A B KR P 5 AT
NFER SR S 5, TR SRR S B SR
SORHEF AL . AT LA T P AR WA R 46
R B T AT R RBHE B, R R B Hid
b B ECS AT 1 ) B (R vsMY, i
KRG IRIEAGME; X REHE R s
KRG RIBFIRA R M TR Z SRS S,
FEVEAE BAE R BB, SRR XT3 i S B SR et
Rk R AEmR PR S T AR .

3. BEXRRERN S EEL
3.1. &itRE

3.1.1. ®itoth

NHIN R B P A — 245 B AR DG HE
EE 35 B Hh A H T R s 5 5 — 2600, R POR— 2 R
G RIB B TR ZNE B R4, HERERY
HF R — A5 B R TR HER. NHE— MR

P A BE TR S, T2 MAE Google
R T ER OO RS BT, R
G EER [FK R AE R I,  nE 1dEL T R TR

WE 1 AR, BRI ER A 2RI — RS W
Ay PITURRE S WX TR B FH P E ) A R 45 R
i, AW T A A SERT AT, R i
S A DT HEA AT N TURR AN 2, (H R &
MEE THRAERERIMI, X IR SR
WA TUA SR A s FE IR, T4 e R 1 25 R DU
RERIE A MESEE K.

f b A hE b N
K B2 Bl A8-Ein b As- 1 icbans
9991 com- REEDN - RREA- ERGE - wAKS - - 02 - =,
e, 9991 .com/tools/dn.him - FIRTIREE - (42

(A e

] ] ] St
TEME R RENERERRLIERD . ERETH . SR SUETE. £0ER
R 0B BRELE . BUERE . BEENE. FREVEERE .
nh.pepop.com) - FETREE - BIIER

Figure 1. Search engine result items
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Figure 2. The set of search engine result items
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Table 1. Experiment 1 results
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