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Abstract

Combined with the multidimensional scaling method, the long short-term memory network
(MDS-LSTM) model is constructed to predict the closing price of gold main link futures in the next 10
days. First, 12 indexes of the gold main link are selected and dimension-reduction of the 12 indexes
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is carried out. Then, MDS-LSTM, MDS-BP and LSTM neural network models are established to predict
the closing price. The comparison of the prediction results of the three models shows that the
MDS-LSTM model has a higher prediction accuracy and can better predict the futures trend.
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Figure 1. The structure of LSTM
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Figure 2. Curve: Gold main link closing price
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Figure 3. The prediction results of MDS-LSTM
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Figure 4. The prediction results of MDS-BP
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Figure 5. The prediction results of LSTM
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Figure 6. Comparison of prediction results
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Table 1. Comparison of prediction results over the next 10 days

1. ARk 10 BEFUNILE RS EE

3 HALE MDS-LSTM MDS-BP LSTM
2020.09.14 418.4400024 416.6134940 410.7366933 418.2308894
g 2020.09.15 419.7999878 416.5873396 410.6892847 418.3314404
ﬁ 2020.09.16 418.6400146 418.4739030 411.5838850 420.2919537
2020.09.17 415.6199951 417.0158520 410.9820331 420.6829135
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Continued
2020.09.18 416.9200134 413.5560229 409.1707151 418.9971440
2020.09.21 417.0100085 413.9966112 410.1771442 417.9316855
e 2020.09.22 407.5799866 414.7578599 409.9432455 418.0118737
ﬁ 2020.09.23 400.8999939 405.1827805 405.1655769 414.1995000
2020.09.24 396.5799866 400.1990371 399.7520063 410.0311776
2020.09.25 398.8800049 396.1674320 396.8202813 404.9963423
RMSE 0.0138 0.0232 0.0284
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