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Abstract

The rich background information of natural images will affect the accuracy of the results in the
process of salient object detection. In order to reduce the influence of background, we propose a
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salient object detection method based on adjacent pixel optimization, which exploits the feature of
background information. Firstly, an initial saliency map is generated by exploiting statistical and
structural information of the background. Secondly, in order to enhance the detailed information
of the object region and obtain a saliency map with sharp edge, the initial saliency map is opti-
mized by using an edge-preserving filter. Finally, the relationship between adjacent pixels is es-
tablished to further optimize the saliency map, according to the influence of adjacent pixels. Expe-
riments on two public datasets and compared with four mainstream detection methods, we use
the precision-recall rate curve and F-measure graph to evaluate the algorithm. The results show
that the saliency map generated by the proposed method in this paper is better than other me-
thods and more effective in highlighting the salient object uniformly.
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Figure 1. Algorithm renderings
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Figure 2. Algorithm flow
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Figure 3. Experimental results of different algorithms
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Figure 4. Comparison of PR curves of five algorithms on two datasets
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Figure 5. Comparison of F-measure values of five algorithms on two datasets
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