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Abstract

Based on the complexity of using a two-dimensional precision turntable and collimator to calibrate
the camera, a camera calibration method based on face key point detection is proposed. This method
only requires image processing on several pictures with the same face. Recognizing the key points of
the face, using the coordinates of the key points of the face to calculate the two-dimensional projec-
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tive transformation matrix, you can get the camera’s inner and outer orientation elements. This
method is simple, fast, and easy to push from the laboratory to the outdoors. It can be seen from the
experiment that compared with Z. Zhang’s camera calibration method, this method uses the image of
the face as a calibration template for calibration, which can achieve higher accuracy, which verifies
the simplicity and effectiveness of the experimental method.
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Figure 1. Face key point number
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Figure 2. Face key point detection flow chart
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Figure 3. Face experimental image
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Table 1. The average pixel error of camera calibration results
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Figure 5. Histogram of pixel mean error of Matlab Toolbox calib
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