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Abstract
Economic variables often have strong correlations with each other, complicating the model. In this
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paper, we conduct a multiple collinearity test on the original data at first; then, Yunnan Province’s
fiscal revenue related data are modeling and analyzed by cross validation method. Finally, the re-
sults of Elastic net regression and Ridge regression and LASSO regression estimations are ana-
lyzed and compared. At the same time, it is concluded that the Yunnan Province’s fiscal revenue is
affected by tax revenue, regional gross domestic product, total retail sales of consumer goods, to-
tal wages of employed workers, number of social employment, output value of primary industry,
investment in fixed assets of the whole society and total income of tourism province.
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Table 2. Coefficient estimation for each regression method (retaining four de-
cimal places)
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Figure 1. Effect drawing of three methods
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