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Abstract

This article focuses on the research and the application of artificial intelligence technology in intel-
ligent military hardware. It describes the definition of artificial intelligence, the development of ar-
tificial intelligence technology and the importance the United States attaches to artificial intelligence.
We discuss the core technologies of artificial intelligence in intelligent weapon equipment, including:
target positioning and identification, autonomous attack, distributed operation or swarm operation,
combat robot, and then expound on the technical problems that should be broken through in the key
technologies. The application examples of artificial intelligence technology in intelligent weapons
and equipment are listed, and the development of artificial intelligence technology is summarized
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Figure 1. Discipline composition of artificial
intelligence

1 ATEBEEFRAM

DOI: 10.12677/airr.2021.103024 236 PNER ST IR YN


https://doi.org/10.12677/airr.2021.103024
http://creativecommons.org/licenses/by/4.0/

wER

3. ALEREANEZREZENENR

NIEREBAR PR K, —BAANFT A 4 DFrBe,  DECEESER LR 59 N TR ER B, Lz
S5 RO RERR SR T RER BL, DA A 30 AN T8 e BB T8 RER B (2] H Rt
T2 [ 0 AL N T REBOR OB TL . TRRAINAL, HAE, BUEM A TR REBoR AL 59 N T3 fE
BrEc. NTEBESEARKEZRRIZRRE DN 3 Mg ae, Sffiei. Bumile, M8 EARg
FEE IS H BT, [N ALl R N R RS2 ARG S B R ST, RSB S, Wt Ao AH
ARERENRE 77, BN —FEREFRAFHERE . BROE ARSI B E RN EE J1[3].

MWRIESEE WP Hr. B, HA. FERFERMEE AN, T Rt TS GA A H 00 2020 44
FEHGRE WA, HEA PR . SEEEDY T i 2 P DAORFp 5 o [ AT B AT 5K
(I £e35F SE T RS S (1 B SR AR

AR, BB N TR AEBORIRE AR, 51 7 USEEDYE U R R EA. A 2016 R A
Ay FREXS TN TR REBARAE E SV T S N RS EL. 2016 4, N TEBERAMESRET, thil
T SREE TR IE, SREDY TR SRR A IR I B, SR TR =R R A, SR T
RIS R BRI EE S, flin “ AR “defe” “fRiRz” &, REBUFESRIEARA
THEREBOR, HEsh “EEELTE” CBRELANL” “TRANEEEHIM” SFEHN TR REBORAE F FH 5 H 1
WL SR . SEEK CRPTamS) , Kot SR aeTHR. KEdE. B/, B NN TR
ARAE T BRI B R P R OBOR . 2019 4 11 H 21 H, EEESE (AN LHREEE R
a) G, ARG NG R R, XY 5 2 4 BT 2 L R N B2 L. 2020
&, REMRNTEREVUEIRANAG . 2021 4, FKEENTEREAASHT AT H _ERGTHIT 60 12367T. %
¥ [ & et E B B e N TR RE e 4 R AT [ & E B 2% 1 2 e 4 B A A N T RE i
ENIIH . IXTe R, SEET N TR RER AL, SRR F S0, 32 Bt + A TR BEHOR AR -

4. ALERESRRFARZTPFHXREA

HEER BRSO REHEAR, AN THRHEANH B, BRI REFRE ). &
CEFEBERAT 4PN TR R L & e, 2038 BAs @i 5 AR . B FHEEHA
oA A AR BB AR . VEERLES AR .

4.1. BRFEEMASIAMNFEAR

PERCIRASH, DO R ZE 28 B RN T RE AT o H I, 30l 75 B2 4 e i3 28 & A AN A B L )
THOLT, SR EEE AR B 358 05 RGO 0T HRkE e 5110050, N TR REROR 1) B br g Or
HPHEARREIONEZ, HAT, DGR N IERITR R 2] HLEs % o) & & BEITE Hir e i 510
AR —, & FEERRRIRALE H AR A S R AR AR . BT BN 2 B R 2
GRMEM (4], Wi 2. K 3 s

AT, B FRR 28 X 2 1z B 20 I — it AAE G A5 B0, 2200 B AR R 22 I 25 (R Bl 2
RJE MR s SRR, G, @ BIEE. YOLO RAIENESE, HAH 5 i G AR A B B
MR, W SECE R, BEREL SRRBES R, TR RS I, i
ICECHR (O RRAE, I3RS H br e A 5 IR AR, 3@ i MR 7 18 FH A R 8 I 4% 2 ST R R A A 2
SR HARRE A S TR . EN LR AU, Hire 5100 mERA RISk, i
FEHEE AL REAERUN . AR PR FEEHFEC, BIREAARE D EFANANRESHE, &M
ZEABRMMEHRE BURRE. MEMKSREEER S BT, FREARETE DR

DOI: 10.12677/airr.2021.103024 237 PNER ST IR YN


https://doi.org/10.12677/airr.2021.103024

WfE R

XREL
A

Input Layer € R® Hidden Layer e R™ Hidden Layer € R'2

Figure 2. The visualization architecture of neural network
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Figure 3. The visualization model of neural network
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Table 1. Target location and recognition algorithm model
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Figure 4. Target recognition and localization concept map (from the network)
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Figure 5. Flow chart of autonomous attack technology
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Figure 7. Intelligent decision system architecture
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Figure 8. Principles of deep reinforcement learning
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Figure 9. Distributed operations or swarm operations concept map
(from network)
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Figure 10. Concept of super intelligent robot(from the internet)
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Figure 11. Visualization of JADC2 (source: https://www.monch.com/mpg/news/ew-c4i-channel/7334-saic-and-usaf-partner-for-jadc2.html)
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