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Abstract

In order to explore the effect of COVID-19 on recruitment jobs, data of February to April 2019 and
February to April 2020 from 51job.com of Wuxi city were quickly obtained by web crawl which
contained 11 industries. Employment demand change and spatial distribution characteristics
were analyzed by statistical analysis, kernel density, and spatial auto-correlation analysis me-
thods. Results showed that: there was bigger negative impact by COVID-19 on Wuxi city labor mar-
ket, especially for service and accounting/finance; recruitment demand of this city presented a
mass of two cores spatial distribution and high demand was shifted to eastern part of Wuxi after
COVID-19; the global Moran’s I of all industries before and after outbreak of COVID-19 were all
positive indicated significant spatial clustering of recruitment demand; H-H cluster type of re-
cruitment demand mainly distributed in the center of Wuxi city; and L-L cluster type mainly con-
centrated in Yixing; both were increased after COVID-19. From the perspective of the employment
demand, this paper provided effective data base and decision support to return to work and pro-
duction, and optimize the industrial layout.
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Figure 1. Industry position before and after COVID-19
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Figure 2. Kernel density of recruitment jobs of Wuxi before and after COVID-19
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Table 1. Statistics of Moran’s | in all industries before and after COVID-19
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Table 2. Statistics of LISA in typical industries before and after COVID-19
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Figure 3. LISA of typical industries before COVID-19
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