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Abstract

As the condenser is the cold source of nuclear power plant’s second loop thermodynamic cycle, its
function of integrity and merits affect the security and reliability of turbine directly. In this paper,
the faults with related symptoms of marine nuclear power condenser were analyzed to build the
characteristics base of condenser faults based on expert experience and theoretical knowledge,
combined with BP neural network to design a condenser expert diagnosis system. For verifying
the effectiveness of the system, we played simulation experiment on typical faults of condenser.
The experimental results proved that the system can identify the faults of condenser absolutely.
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Table 1. Corresponding relationship between fault types and characteristic parameters
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Figure 1. Structure of BP neural network
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Figure 2. Network training interface
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Figure 3. Diagnosis process and basic principle diagram
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Figure 4. Condenser fault diagnosis system based on BP neural network (acquisition)
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Figure 5. Condenser fault diagnosis system based on BP neural network (diagnosis)
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