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Abstract

The research was conducted based on the research methodology and ideas of behavioral finance,
which investigated the impact of MBTI (Myers-Briggs Type Indicator) personality traits on auto-
mobile loan default behavior. The data was collected and analyzed in two steps: first, the beha-
vioral tendency of 844 automobile loan borrowers of Chang’an Automobile Finance Company on
the four personality dimensions of MBTI was assessed based on the post-loan call recordings
through the method of expert assessment, and their scores on the four personality dimensions
were obtained; thereafter, the four personality dimensions were examined through the method of
stepwise logistic regression for statistical analysis to see whether they have a contribution to the
model for predicting the risk of loan defaults. It was found that loan borrowers’ behavioral ten-
dencies on the judging-perceiving and sensing-intuition dimensions influenced their final repay-
ment outcomes: i.e.,, borrowers who placed more emphasis on time and realistic consequences in
post-loan communication were less likely to default on their repayments.
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Figure 1. MBTI personality assessment results based on post-loan call recordings
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