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Abstract

The rise of online reviews has enabled the general public to participate in the interpretation and
evaluation of movies, and writing reviews is no longer a unique activity for professional film crit-
ics. Film online reviews, as an evaluation of film work, are not only an intuitive reflection of the
quality of the movie by the audience, but also a direct reflection of their viewing experience. The
analysis of online film reviews helps to directly understand the audience’s perception and evalua-
tion of movies, deepen their understanding of the genes of classic movies, and provide corres-
ponding references for film production. The movie “Let the Bullets Fly” is still regarded as a classic
and masterpiece thirteen years after its release, and the classic scenes and lines in the film have
always been talked about by people. This article explores the focus and perspective of audience
evaluation on the film through text mining and LDA theme model analysis of Douban film reviews.
Based on high-frequency theme words, it explores deep themes, which helps to objectively eva-
luate the film as a whole and reflect the audience's true feelings, and to find the spreading genes
and codes of the film’s sustained popularity.

Keywords

Douban Movie Review, Text Mining, LDA Theme Model, “Let the Bullets Fly”

Copyright © 2024 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 518

BEE BRI R, BRI M TF IRt e KRR . SRR, MidmErs.
MR, EEEESMETT . SIFRFERNE, e THPEAAFG EREBCHEN., 8F. &
A BRI A], A DA R T EE R IR S ER L T & EEE AR S51FE, I
BN H SV AR I S

ISR E P S MY S L A=y GE ,Tﬁ%?ﬁ%\%%\%?gW%%LBCEEWHBMEMOA¢
MY, OF TRNNBEENE. R, R8T IEERS . AT bidsEE. £G0E
S AR, T E/vF UbAh, EARYE L, AT AN R R . PR I 2% ST
PRI, TR E 2005 F AL LR O 4 R R D 2 EESEG[2]. 9 RBEINRITEF,
HPBKRZ5WNT 70, SRS THET, WM HAZ e S5, 5% 72 AENE B2 Tk
B DIV B —FPAT N 25 GV VRS R O SR IE A R PRI B A B
ZENR . B, EFEERHBERTTFRAR, fENX—FEHEE “ib55E KA TFEE” 3], A
H—EMREEMSENE.

FrE H A ERT UL E SR AT B 0, {BH WS FRREMANE . SRIKTEN S Ges B
e FH P 6 A il (R B S AN 2 B, FE R mT LB R e WG R BRI SE R 5k . A DU S e H At P S A4 A T
FEMAT 0 VAN, X2 TR RE G, WP 5] T 1R 2 3 - Bt

B (BT K) & &0 2010 4F BBk, W20, 23 FiEK. BIEFEPEE . Ak

BT RAESKR Z 32 5 —2, BIHE “SIRE” RARRSIREA, IS EE RO 5 5 Y B R T A 4

DOI: 10.12677/jc.2024.121004 24 B AR R


https://doi.org/10.12677/jc.2024.121004
http://creativecommons.org/licenses/by/4.0/

JEE

. AR E SR R, WA S EFE A, AR BRI T\, R
PO R A — . R BT MR, Hh R AT L7 “RIR R T “uEE R R
PR, AT AmiRE” KT NPT SSRMEETONTUE, BRI =ERIASKR, BT AR
SREA SRR HE NAEANE dr 770 ORI AR IR R TR QRT3 )) B S Bl & 1At
TFe, URTMAEM “ib7i CEARAR®? 7 “WEEEWE! 7 o REILZA B st —fk
VERI UL, ERARATIERIER LT P/ Qe aRmA T “ik%” . R A % 1)
i E S

RUAATN TR GET#RD) BIPFI Fisa T, IXEEPPi KRBT ot A 28, RBL 1 WA 1%
ST AN ORI A 2 TS DA AZ B 7 AN R PRI 30, svF i gE Oyt — IR A FU 22 S L5
HOXF AR, FERFHAR RS R SR A N A 46

2. fAREIT

AHE T Python F2/7°15 5 9 5 ICIRAEF, MG RE Mt TR EU RIS (LE750 k) AIRETE, HXTIE
ORI HHE A BEAT SCRTRAC B —— Bl o SO M RBris i SE, KA (B R Ed 24T TF-IDF
b, RSP IR, AR T, IFEA] LDA J2 U O B SRR A FR L R, i
KR EH S H M ERITFRE S .

2.1, BIEIKREL

BT SR M IR g 2%, AT PR T 20 0 P R BB b o5 LUK, 1k PR
Him BA — e AR E o BRI A % BT R HL 52 I it (https://movie.douban.com/) T FLEE (k73K D) BI52
PEAEWT TR B, 4% “ e iy HAG B PR EER BEAT 1 SO Y248 . (B H1 T S re e S T du g 1P
PR, Toik EAEATBOE S I AP EdE, PRI ARSC RN T /- F ol e i, @ Ty P 4
PRy PPl 125 2, XEMPESRDERZE . B2z AT HEFE. J135). RAGEHE. YRS A 7R
JAA BRI B OB S, 350h 191 280 . A SO FEIRAGX 191 2508 e A 1E A AL
X SIS -

2.2. BuETALIE

LDA @R A 3 A1 A 2 B 0 SCAR SRS T 73 A 2k 3% 8 SORS T/ i S ] 15 2 [ (document-term
matrix), JXMEEFEAE S AR BUE SO PR o PRl SO TIUAR PR SCARSZ I e AT I3RS, H Y
MR S SCA Kt P K S S J2 4] AR SO A AL B B RORIR e . o SCor i A 25 B s A
B RX TCH R (B BEATIE Ve, Bk VRN B, RO 5 EGELAS DL R — SR A AT S R
JERSCA AT TSR], SR jieba TSR], CREEARTE ) S Dy BRI o B SR R SO o3 IS R SCAR 22 B
], A5 R R B R e SO I IR ACIA . AT, USRI, TR 2 R ARTE R
i, EATEPF IR HBUIRAR &, (R SRS PR R 20 LS B AT e

3. 8RS
3.1 XAEEWL

BT AR NGE S AT EHIE S, FIE 75 2O AR S AL I SO AR RS AL I s . A SCR
HI TR-IDF 503k, KRG SCA R B mitia], X BLATE 1 H TfidfVectorizer() s % 5¢ il & 4L 55 TF-IDF
TALER . BRSO L LA R Bt /N AT, K 25 max_df BBV 1 0.99, K 2% min_df %

DOI: 10.12677/jc.2024.121004 25 B AR R


https://doi.org/10.12677/jc.2024.121004
https://movie.douban.com/

JE R

BHANT 001,
3.2. ¥ LDA FiEB ST

AR 3T LDA (Latent Dirichlet Allocation, 83k F 7e 75 40 A ) 51k 1) 32 UL 7Y (topic model) /5%
[5]o E BRI NT SO R E AT @A R i, ReE TR & ELI X A B 3 4R H SR
. LDA M 3 U R A - DU i 7 DX 288 R TR ) 3 BSR4 40 SCAR (R B & I 2SS, A P i
TARESCREIE B e F2 RN B D B A 2 ST ST AR S B i) m DRSS HH R R VP R 1) 2 R 2
3.3. IARAER

TE LDA @R AL M AT, Jidid 2 i) 32 A - PRI il 2 v 5 IR R B R ol 2 AN B an sl 1 B
e MM, WREERAL, AL AREE LR, B E R 3.

FRR-FERETLIFR

-8.8 A

-9.0

=9.2 A

-9.4

-9.6

HRREEA /N

-9.8

-10.0 A

-10.2 A

-10.4

T T T

T
2.5 5.0 7.5 10.0 12.5 15.0 17.5
FEHHE

Figure 1. Number of topics-changes in confusion level
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Table 1. Topic feature words for different topics
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Figure 2. Visualization of LDA theme model
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