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Abstract

Customer classification is the premise of CRM. Based on the time sequence of transaction data and
study of customer value in e-business environment, this paper proposed a multi index classifica-
tion model with time series data and static data. In model application, this paper using feature ex-
traction method for the time series data transform, ReliefF algorithm for index selection, then ob-
tain a multi index weighted classification model. The results obtained from the real clothing busi-
ness show that the customer groups formed using the method clustering all has statistical signifi-
cant differences, and with meaningful explanations in terms of marketing strategy. Thus, this
study considers useful for discriminative customer relationship management.
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Figure 1. Evaluation index system of e-commerce customer value
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Table 1. Customer classification index of clothing e-commerce
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Table 2. Classification index and quantitative description
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Table 7. Data of Final cluster center
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Table 8. Data of F test of clustering results
8 BAZRFRE

EiELT L R FfE Fias M ¥{E M g P Q
P 0 0 0 0 0.025 0.022 0.000 0.000

#o JFHEHEIIE . XRE PONEETESINS 5 RG2S R, W%
PR, £ ARk, KRS RO, AR S BV HE R R, S
5L R B I RO 2 b R o XK H TSI B, (HR R R RO b %,
X T IX B D RAZ IR IR IS S PR AR R L, BRI R A RS S E R
SO A (R S5 KHE, A2 TGS ML A% 07 7

W=, ZRF R RIE % X RE T A AE 5 R AR TP 2K, T H 2 2R
KIS R AT I 9%, T 9% . T SR SIS T3 KF, X G 3 2 5 BERUIR, I 2 i SR R
Ay KA TR E A . XTI, Al n] AR R

UM, ZRF R . ZRE P SR 5 R R R AL, (H T 2R
— R AR BN TR A AR AT N, F B SR GRS I LU E , W B e IR TPk, JF 2B
TR, BHILEIL, WS EE 8, HEES. XRESRTIBRENZE T, MTREES,
AV NAZ S EAL, AU, TRRRRE SR TR R D, I R HERE . BRI SS B AR
07 TP IR I R, AT B 1o 8 K SR e U SR, IR SR P R RO 3 )
5. /g5

X AT G B KRB PR R E BN AN EEA G AT 0 FI I [R]85 5
B C B i P TR SR R BN N N9 R (=R T VR VA N1V 1R € RS S € e N IV E 2 (=1 T
FMAL, AV A RO, R S RBIMER . ERRRAC TR b, R OGS I IR A B 2 AT R AR
FEMUEE, JIFNH ReliefF SUEXTFRRIERE, A% 2 I R R . i 3 Sepi B
AR LR B Y R 2 G B Ty VDR, JFARIE TR R R, SRV SR P B EG . KE I
A BHEEA R R RIEE TR, RE v kiz B 8 BR A O

SE L (References)

[1] Chang, H.H. and Tsay, S.F. (2004) Integrating of SOM and K-Mean in Data Mining Clustering: An Empirical Study of
CRM and Profitability Evaluation. Journal of Information Management, 11, 161-203.

[21 BWE, S, FHEE FPMEPN A R &) B EEITIE, 2004, 7(3): 17-23.
[B81 Ed4i;, Tt ETEFMERNER A5 R ARFRRIERTA[I]. B HEFRF4%, 2006, 19(4): 35-38.
[4] %=, SR A TESMERE S 00 E R[] BUCE HERL2E, 2007(11): 95-96.

DOI: 10.12677/mm.2017.76063 491 AR B


https://doi.org/10.12677/mm.2017.76063

ey

[5] Chmitt, P., Skiera, B. and Christophe, V.D.B. (2011) Referral Programs and Customer Value. Journal of Marketing, 75,
46-59. https://doi.org/10.1509/jmkg.75.1.46
[6] Verhoef, P.C. and Donkers, B. (2001) Predicting Customer Potential Value: An Application in the Insurance Industry.
Erasmus Research Institute of Management (ERIM), ERIM Is the Joint Research Institute of the Rotterdam School of
Management, Erasmus University and the Erasmus School of Economics (ESE) at Erasmus University Rotterdam,
189-199. https://doi.org/10.1016/S0167-9236(01)00110-5
[71 Zhang, H., Zhao, T.F., Wang, Y.Z., et al. (2011) The Application of K-means Algorithm Based on Density in Recog-
nizing Gas-Bearing Core Samples from Water-bearing Ones. Science Technology & Engineering,
[8] BXAE, B — MR RN IRFR]. BRI TS K 52 24 (B BLhR), 2015(6): 1-8.
Lt
LY
Hans Xl
AP R KB 0T 3

1. FTIFHIM T http://kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD

NRFIRAELSE: [ISSN], %A ISSN: 2160-7311, EPn[2if)

2. FTFFENM T T http://enki.net/

FEM B BROCERE " HEN, SN SCERRE, BIA]

WhaiE A http://www.hanspub.org/Submission.aspx
HATIME4E: mm@hanspub.org

DOI: 10.12677/mm.2017.76063 492 AR B


https://doi.org/10.12677/mm.2017.76063
https://doi.org/10.1509/jmkg.75.1.46
https://doi.org/10.1016/S0167-9236(01)00110-5
http://kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD
http://cnki.net/
http://www.hanspub.org/Submission.aspx
mailto:mm@hanspub.org

	Research for Customer Classification of Clothing E-Business Based on Time Series Transaction Data
	Abstract
	Keywords
	基于时间序列交易数据的服装电商客户分类研究
	摘  要
	关键词
	1. 引言
	2. 分类模型
	2.1. 时间序列交易数据
	2.2. 电子商务客户价值
	2.3. 多指标分类模型
	2.4. 指标量化
	2.5. 特征提取
	2.6. 指标选择与赋权

	3. 聚类算法
	3.1. k-means算法
	3.2. 聚类评价指标

	4. 实例应用
	4.1. 数据获取与预处理
	4.2. 指标选择与赋权
	4.2. 客户分类结果

	5. 小结
	参考文献 (References)

