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Abstract

Based on the regularized risk function model (SRM) of machine learning (ML), this paper com-
bines the bundle method for solving non-smooth functions, presents an algorithm for solving em-
pirical risk function model. The objective function is approximated by the cut-plane model, and
the step size is obtained by the inexact line search. Under appropriate assumptions, the global
convergence and convergence speed of the algorithm are analyzed.
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