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Abstract

The stock market is affected by various factors such as economic markets, political, which lead to
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the complex of its internal changes. With the rapid development of China’s stock market and the
expansion of investor scale, a large amount of transaction data of the stock market has been gen-
erated, from which it’s difficult to obtain valuable information. The deep neural network has cer-
tain advantages in dealing with large amount of data and complex nonlinear mapping. Therefore,
based on deep network technology, an intelligent stock forecasting system has been designed. The
main work is summarized as follows: Stock selection model: The problem of multi-impact factor
quantitative stock selection is studied based on the stock financial indicators and stock change
trend, and a stock trend identification algorithm is proposed to construct stock selection model.
Stock price forecasting model: Because of the large amount of stock trading data and the complex
nonlinear relationship, it forecasts stock price based on LSTM (Long Short Term Memory) deep
neural network. We select investable stocks from the output of stock selection model.
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Figure 1. The difference between RNN and LSTM
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Figure 2. LSTM information flow split diagram
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Table 1. Basic data sample of stock trading
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code date open high close low volume price_change  p-change
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Table 2. Forecast results
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Figure 3. Effect picture of model training
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