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Abstract

With the development of Internet technology, big data is still a strategic resource for today’s med-
ical industry. Based on the machine learning algorithm K-nearest neighbor, support vector ma-
chine, and Catboost, this paper conducts modeling experiments on the public data of Wisconsin
breast cancer diagnosis data, and deeply understands the application of machine learning algo-
rithms in health and medical data from a practical point of view, and provides new insights for the
current medical bottleneck.
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Table 1. Performance comparison of various algorithms

=1 BAEAMREER

Learner Accuracy AUC Precision recall iters
ksvm 0.9665 0.9953 0.9751 0.9722 10
kknn 0.9648 0.9854 0.9556 0.9916 10

Catboost 0.9666 0.9908 0.9587 0.9889 10

Table 2. Confusion matrix table
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