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Abstract

This paper mainly studies the PCA-based face recognition algorithm. It firstly preprocesses the
images collected, detects face based on AdaBoost classification algorithm, and then uses PCA algo-
rithm for face recognition and matching. All of above can be applied to mobile attendance system.
This system combines face recognition technology and class attendance, to realize real-time at-
tendance and statistics on android client. After experimental testing, system reaches an accuracy
of over 75%.
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Figure 1. Face detection classifier training method
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Figure 2. SNN Algorithm schematic
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Figure 3. KNN mean filtering algorithm denoising effect chart
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Figure 4. SNN mean filtering algorithm denoising effect chart
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Figure 6. Histogram equalization effect chart
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Figure 7. Image segmentation effect chart
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Figure 8. System flow chart
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Figure 10. Service main flow chart
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Figure 13. Brush face attendence effect display. (a): Select attendance class; (b): Upload student photo
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Figure 14. Attendance results and attendance statistics. (a): First attendence result; (b): Second atten-
dence result; (c): Comprehensive statistics
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