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Abstract

Pets have become an integral part of people’s daily life. More and more people will raise pets. With
the continuous improvement of people’s intelligence and the comprehensive development of
smart home, pet management also puts forward higher requirements, so the research of pet rec-
ognition technology has high practical significance. This paper presents a real-time pet recogni-
tion technology based on neural network, which uses Opencv, Pycharm, Python and neural net-
work to monitor and classify pet faces. The PET images collected in real time are processed and
compared with the trained models, which overcomes the problems of low efficiency and low suc-
cess rate of pet recognition in the past.
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Figure 1. Interception process
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Figure 2. Interception results
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Figure 3. Deep decomposable convolution operation sketch
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Figure 4. Feature extraction diagram
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Figure 5. MobileNet-SSD network architecture
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Figure 6. Convolution layer parameter diagram
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Figure 7. Image when stride =2
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Figure 8. Pet recognition result chart
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