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Abstract: The feature extraction of face orientations is the key of the face's orientation recognition. In this
paper, four methods including entropy sequence, logarithmic series, time series, and standard deviation series
based on the PCNN have been introduced to extract the features of face orientations. It is able to achieve the
transform from multi-dimensional information to one-dimensional information. The classified results of loga-
rithmic series which are impacted by salt & pepper have been analyzed. The method of Euclidean distance
has been used to classify and recognize the face orientations. The results prove that the method based on
logarithmic series whose accurate identification rate was 96% has certain antinoise ability.
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Figure 1. A PCNN neuron model
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Table 1. The Euclidean distance for entropy sequence
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Table 2. Comparison of four method recognition accuracy
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Figure4. Original image and its noise images which adding
salt & pepper noise
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Figure5. The curve chart of PCNN logarithmic sequence of original image and its noise images which have been adding salt & pepper noise
5. BEREMANREEEEGH PCNN X $F3hZE

Table 3. Comparison of noisy figurerecognition
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