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Abstract

A new algorithm is proposed for classification of MPSK signals. The algorithm is based on wavelet
transform and high order cumulants. Compared with other existing algorithms, the proposed al-
gorithm reduces the effect of additive Gauass noise and multiplicative noise, therefore, be of more
generality. Theoretical analysis and computer simulation justify the robusticity and the efficiency
of the new classification algorithm.
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Table 1. Cumulative amount of MPSK signal
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FESERRRL IR, A4 52 S e (s 5 5 — N RS AR R, 58 BO B P aG AL b B, X
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Figure 1. The recognition rate for additive Gaussian white noise using method in [7]
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Figure 2. The recognition rate for additive Gaussian white noise using new algorithm
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Table 2. The recognition rate for multiplicative noise using method in [7] (%)

= 2. SCHR([7 PRI SEXS TR IR A IR A ER (%)

64 128 256 512 1024
2PSK 100 100 100 100 100
4PSK 50 48 66 86 98
Fi 75 74 83 93 99

Table 3. The recognition rate for multiplicative noise using new algorithm (%)

% 3. KX PRI AN MR EE S HIRBI R %)

64 128 256 512 1024
2PSK 100 100 100 100 100
4PSK 38 70 74 94 100
Ty 69 85 87 97 100

Table 4. The recognition rate for multiplicative and additive mixed noise using method in [7] (%)

4. SCHK[7 R B FSEX SR IR SR A (E S HNIRAIZR (%)

64 128 256 512 1024
2PSK 100 100 100 100 100
4PSK 4 14 20 38 44
Ty 52 57 60 69 72

Table 5. The recognition rate for multiplicative and additive mixed noise using new algorithm (%)

= 5. AXHHIFEN MR AIREESHIRAIZE (%)

64 128 256 512 1024
2PSK 100 100 100 100 100
4PSK 8 22 26 42 68
Ty 54 61 63 71 84
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(FZ B RN, R SA R MR R 5T RTERIEL, ASSCH AR E 5 B e
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E&WE
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