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Abstract

In the problem of warehouse picking, it is always difficult to plan the picking route in real time.
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Due to the barriers formed between shelves, distance is difficult to be given by Euclidean Metric,
and route planning after known distance lacks effective methods. This paper is divided into two
parts. First, Manhattan distance and Kronecker Delta are used to give the distance between
shelves, and the picking route is converted into TSP problem. The second part adopts the neural
network intelligent algorithm with advantages of high performance and fast training, and forms
the result feedback control and closed-loop based on the adaptive feedback of the multi-layer feed
forward neural network, so as to realize the cyclic optimization of the process of solving the TSP
problem.
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Figure 1. Curve: CHNN circuit form
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Figure 3. Curve: The CHNN model iteratively optimizes
the calculation process
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Figure 4. Curve: Randomly generated initial path
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Figure 5. Curve: Optimized path of continuous Hopfield network
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Figure 6. Curve: Graph the energy function
6. BEERHTLHILE

BRI DU Y, 320 25 1 e B Bl A IR AR B0 AN b . MR E R EE T 0 I, & IR
ST Py, BEEE, FRBMERE TS5 T0001 FARMI PR IRt Lk . AF RN, 24 LR
B, THEH T0001 (RS it S8 G FHI0 BEES il ) — N IR F it ih etk . kB 6 ik
) FHO2., ##%18 R, HRARSRIRIRLZRMIEELN: FH10 — 24 — 20 — 21 — 17 — 14 — 13 — 18 —
2—-7—->23—-3—>12—-9—>11—->2—->16—-19—>10—4—->5—-1—>6—8—25
— 15 — FHO2 (H7y E RS2 T0001 7 S /MR 5 5) .

EHEWH

MathorCup iR APk R SR 2 BL & BT .

SE WK

(1] ASEE. SRR R A RS 2 R G0 72 [D]: (W20 S0). il 24K 2%, 2020.

[2] ZEAHE. A G R SRR IR 7T [D]: (20018 50). B BHEAMEIRE K2, 2020.

(3] WhE 2 XEGER BT [D]: (220 S0, D8l LBk, 2019.

[4] W3R OEEB ARG S9BD]: (B0 0. dbat: JbRisti@ ks, 2019.

[5] HERE. FETHRfbfia et 2% TSP [a)8 1 KAk S5 0A6[D]: (Il hrie ], B B BHIRE, 2019.
[6] L. PRAT S5 TP B & RIVC R S [D]: [ 24 Ar i85, ERR: EER KA, 2019.

[7] S0 MATLAB #Z /%% 30 D548 M]. dbat: JERii s iR R R AE, 2010.

DOI: 10.12677/aam.2020.911233 2016 IR Esid


https://doi.org/10.12677/aam.2020.911233

	基于多层前馈神经网络仓储拣货优化问题的研究
	摘  要
	关键词
	Research on the Optimization of Warehouse Picking Based on Multi-Layer Feed Forward Neural Network
	Abstract
	Keywords
	1. 引言
	2. 曼哈顿距离
	3. 连续Hopfield神经网络
	4. 距离优化模型
	4.1. 基于曼哈顿距离和改进的A-Star算法构建距离模型
	4.2. CHNN模型的优化求解连续Hopfield神经网络的优化模型

	基金项目
	参考文献

