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Abstract

This paper is concerned with fusion estimation problem in view of the probability-dependent
weighted scheduling for a class of discrete-time systems with stochastically occurring sector non-
linearities. It is assumed that the loss measurement phenomenon occurs randomly, the loss prob-
ability varies with time, and its lower and upper safety limits can be gauged in real time. The ob-
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jective of the addressed weighted scheduling filter problem plans to design an estimator with
weighted scheduled matrices, for external noise disturbances and admissible random occurrence
of nonlinearity. With the help of Lyapunov type analysis approach, sufficient conditions can be
gotten to guarantee the stability of the weighted scheduling estimation error system. At last, an il-
lustrative simulation is used to certify the effectiveness of the proposed design scheme.
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Figure 1. Multi-sensor fusion estimation
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