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Abstract

In this paper, LSTM neural network is used to predict cotton futures prices. The experiment results
show that the root mean square error (RMSE), mean absolute error (MAE) and mean absolute
percentage error (MAPE) of the LSTM model were smaller than the Xgboost model, so the forecast
accuracy of LSTM model is better than Xgboost model, and LSTM model has good performance in
the prediction of cotton futures prices.
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2.1. KIEHAICIZ BRI (LSTM)

545 RNN JEIRN 45 ] LA SE I B0 1040 3102 HE 0T L T, R AL R 7 H B vy, 2 AT J]
JRIFL K, fERIAEHEEHSET, BB R SR, S EWREN K, Frol Il T K5
AL . KA HHCIZ N 5IN T 40 P HES

SN =0 (W, e[h_.x]+b,)
R =0 (W, o[h .x]+b,)
MBS CN't = tanh(Wc O[hH,xt]+bc)
WA :C = f*C_ +i *C,
iﬁ‘ﬁﬂj]\]:otza(Wo O[h[_l,x,]+b0)
104244 - h,= 0, * tanh (C,)

HrA MR ¢ RoREZ], x y LSTM HIGiAN{E S, h N LSTM HIciiith{E S C i LSTM HIBIRE,
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2.2. XGboost (eXtreme Gradient Boosting)
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Figure 1. Fitting result on cotton futures testing set based on LSTM
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Figure 2. Fitting result on cotton futures testing set based on XGboost
2. XGboost FEMTEEA MR EE LRI G 1B
Table 1. Prediction errors of the two models
= 1. AMRENTUNIRE
M IetR LSTM XGboost
R? 0.994 0.993
RMSE 258.695 267.528
MAE 178.296 184.672
MAPE 1.132 1.205
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