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Abstract

In modern warfare, the two belligerent parties will often combine intelligent detection methods
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with space-based reconnaissance systems to strive to quickly discover each other’s early warning
radars and destroy them in time, so as to seize air supremacy. The cases of mobile early warning
radars being destroyed occasionally occurred in the Russian-Ukrainian conflict. Therefore, for
mobile early warning radar, how to counter space-based intelligent reconnaissance has become
an unavoidable problem. Starting from the analysis of the demand of mobile early warning radar
against space-based reconnaissance, this paper analyzes the detection and discovery of mobile
early warning radar by space-based reconnaissance system and the mechanism of intelligent de-
tection algorithm against remote sensing images, and proposes some specific measures to counter
the intelligent target detection algorithm of space-based remote sensing images, which provides
reference ideas for mobile early warning radar to counter space-based intelligent reconnaissance.
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Figure 1. Schematic diagram of smoke perturbations added to the space-based images of mobile early warning radars
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Figure 3. MPQ-53 radar positions
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Figure 4. Interference style to smart object detection algorithm
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