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Abstract

Task scheduling is a key problem in cloud environments and genetic algorithm is a good method
to find a solution for this problem. For the phenomenon of genetic algorithm in task scheduling
process the complexity of the task scheduling problem increased and algorithm performance
declined. In this paper, a genetic algorithm based on K-means cluster method with time and load
balancing constraint is proposed. This algorithm uses K-means cluster method to classify the tasks
at the beginning of scheduling and uses genetic algorithm to scheduling tasks of each class. More-
over, we proposed a time-load balancing constraints fitness function and optimized the mutation
operator. Experiment results show that the proposed algorithm gives a better solution.
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Figure 1. Generations vs. timespan of tasks
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Figure 2. Number of tasks vs. timespan of tasks
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