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Abstract

The existing speaker identification are based on Linear Predictive Coding Cepstral (LPCC) coeffi-
cients, Mel-Frequency Cepstral Coefficients (MFCC), local normalized cepstral coefficients (LNCC)
and wavelet packet transform (WPT) method; these features are sensitive to noisy and environ-
mental sounds. This paper describes a novel robust text-independent feature extraction method
using single training sample. In the proposed method, the features can reflect a person’s basic
phonation characteristic and distinguish different speakers. This paper introduces the four me-
thods in single training sample and compares them with the proposed method. Experimental re-
sults on speech databases in English and Chinese demonstrate that the proposed approach can
implement feature extraction in speaker identification based on single training sample, and yields
a better performance in single training sample.
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Figure 1. Recognition rate comparisons under white noise in TIMIT database
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Table 1. Recognition rate comparison between different algorithms in clean environment
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Figure 2. Recognition rate comparisons under pink noise in TIMIT database
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Figure 3. Recognition rate comparisons under white noise in Chinese database
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Figure 4. Recognition rate comparisons under pink noise in Chinese database
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