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Abstract

In order to solve the problem of inaccuracy of project classification based on user partial feature
collaborative filtering algorithm, a kind of user partial feature collaborative filtering algorithm is
proposed, which combines the approximate item (AICF). The algorithm combines project label
data and user score data to calculate the comprehensive similarity of the project to obtain the ap-
proximate items of the recommended items. Then, the nearest neighbor is calculated in the ap-
proximate project. Finally, the recommended user is recommended by the nearest neighbor to the
designated user. Experiments show that by combining the project label data and improving the
selection of neighbor items, the recommendation effect of the final collaborative filtering algo-
rithm can be improved.
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Figure 1. a result diagram
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Figure 2. Experimental result diagram
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