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Abstract

Image haze removing plays a significant role in computer vision. The goal of dehazing is to remove
haze completely, with appropriate brightness, rich details and real color. Then, a dehazing method
based on haze density is proposed. Firstly, according to the difference of haze density, the hazy
image is divided into three regions: dense fog region, fog region, and light fog region. Secondly, for
different regions, the local atmospheric light is estimated based on the dark channel prior. Then,
the transmission map is estimated by using the local atmospheric light. Finally, on the basis of the
degradation model, the haze-free image is restored through local atmospheric light and transmis-
sion map. Experimental results demonstrate that the proposed method is simple and easy, with
high visual effects and objective data.
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Figure 1. Flowchart of the proposed method
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Figure 2. Average luminance and dark channel statistics
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Figure 3. Dark channel statistics and filtered dark channel statistics
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Figure 4. Hazy image and dehazed image
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Figure 5. The results of haze removing
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Figure 6. The results of haze removing
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Figure 7. The results of haze removing
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Figure 8. The results of haze removing
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Figure 9. The results of haze removing
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