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Abstract

For the problem of facilities dynamic location, a method based on demand density perception and
growing neural gas networks (GNG) was proposed. This method can be organized into three parts:
firstly, divide the region into many unit areas; secondly, obtain the demand density of each unit
area and filter out the areas with low-density; thirdly, allocate the limited information resources
reasonably based on the demand density. An experiment comparison with Kmeans was done. The
results show that the method proposed can effectively realize the topological perception of re-
gional demand, and can reasonably plan the limited mobile facility dynamic.
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Figure 2. Communication density of an area
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Figure 4. The initial stage of an area
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Figure 5. Three stages of development
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Figure 7. Intermediate stage of development
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