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Abstract

With the development of modern science and technology, in the current Internet era of informa-
tion overload, item recommendation based on user historical behavior data has become the focus
of current research. In recent years, the recommendation system has been continuously updated
and iterated, and most of them focus on the accuracy problem. However, diversity, novelty and
long tail recommendation are equally important. Through the research and analysis of collabora-
tive filtering recommendation system, the diversity factor is introduced, and a hybrid collabora-
tive filtering recommendation algorithm based on clustering is proposed. It is verified on Movie-
lens data set that the hybrid collaborative filtering algorithm based on clustering improves the
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diversity and accuracy compared with the traditional collaborative filtering, so as to meet the
personalized needs of users.
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Figure 1. Diversity comparison of different algorithms
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Figure 2. Recall comparison of different algorithms
B 2. TRIEERB BRI

DOI: 10.12677/csa.2022.126153 1542 TR 5 R H


https://doi.org/10.12677/csa.2022.126153

BIKHE, TR

HIE 1 ATV, P B B E AR S OL T, ZAEIER ETHIR AT Frd i, 1Al 2 Wl LR A
[BIZ Y R WA RI R . RN, T 2R Bk DO e M, — 80 AP g SEhn b i i) T
AMEHESE, TAEZFEEHETE, X IE R IRA TR ItemCF Jy F HER BRI R IR 2 —, X5 F 7 ReAS7E
VIRBE S OL T, 52U EHETE, X2 ItemCF BRI S . 59— J7 1, REEHA 2R B i
(RIF P RT LA s B ML 1) B 45 2 25 P i ST PR RS, T IR L8000 F K £l UserCF HfERE 512 I ok, k1T
IR ORI /2 AN TR P B 76 3R

5. &5RiE

AR RGOS T, T K-means SAX RIFEHEAT RS, SREMRAE L R EE G H
B, R RO R DE AN T B RS E A A S B AT IR G HERE, TG E BRI S H
FUATHN, FFERERIR A NGB ZE R AT R HER: SR AR AL IERE SRR HEA7 0 2 A AT HERA 1 o

S E 3wk

[1] GkER. ET ORI IER EEHEE R RS RH]. BRARSER, 2019, 15(6): 70-73

[2] SkMS&, REWRWE, DAk, RO7E. TH A T R IR S YA HEEEI]. B35, 2016(6): 15-19
[81 BE&W, 25, T8, Tk FETWEIEIERAR N & R RG], AR K, 2015, 31(2): 12-13+112.
[4] BFR. ETHFREIENEBHEE R[] MmN, 2022, 38(1): 181-184.

[B] MR, £ HETH-DUHMRET RS IEEED]. WENEAR S K, 2014, 24(12): 88-91+95.

[6] Goldberg, D., Nicols, D., Oki, B.M. and Terry, D. (1992) Using Collaborative Filtering to Weave an Information Ta-
pestry. Communications of the ACM, 35, 61-70. https://doi.org/10.1145/138859.138867

[71 %, 2T ORI AR BRI LR [J]. 7, 2015(51): 216.
[8] %'5C. thimlid sEHER A LRIR[]. B fEHR, 2015, 7(7): 115+196.

[01 iz, &8, Wk, sk4EN] —Mahs PR IER A P B iR A SEVEN]. BBk TR, 2018
26(9): 60-63.

DOI: 10.12677/csa.2022.126153 1543 MR 5 R


https://doi.org/10.12677/csa.2022.126153
https://doi.org/10.1145/138859.138867

	改进的协同过滤混合算法在电影系统中的应用
	摘  要
	关键词
	Application of Improved Collaborative Filtering Hybrid Algorithm in Film System
	Abstract
	Keywords
	1. 引言
	2. 协同过滤混合算法的设计
	2.1. 协同过滤算法的分类
	2.2. 对比分析UserCF和Item CF的优缺点，为融合两种算法提供依据

	3. 个性化的电影推荐系统
	3.1. 电影聚类
	3.2. 基于项目的协同过滤
	3.3. 基于用户的协同过滤
	3.4. 基于聚类的混合电影推荐系统

	4. 实验
	4.1. 数据集
	4.2. 评价标准
	4.3. 实验结果与分析

	5. 结束语
	参考文献

