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Abstract

The character detection and recognition technology of parts surface based on neural network is
studied by the character feature of product surface. Then the extracted image is segmented and
trained, and the character detection and character recognition are studied. In terms of detection,
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firstly, the neural network is constructed to detect the original image and harvest improvements
with Bezier curves. In character recognition, the CRNN neural network model is first built to rec-
ognize the processed feature images. Then, feature images are extracted in CNN neural network.
Secondly, extracted images are input to RNN. Finally, it is input to CTC layer for character conver-
sion and output results. It can be applied to product surface character recognition.
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Figure 1. OCR model architecture
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Figure 2. Field collection pictures
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Figure 3. Process of CTPN detecting small-scale text boxes
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Figure 4. Feature extraction process
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Figure 5. Text detection line process
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