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Abstract

With the rapid development of Internet technology, Internet channels have become the key sales
channels for mutual fund companies. Meticulous marketing is critical to reduce costs and improve
operational efficiency. Facing customers with huge financial potential growing up with the Inter-
net, how to effectively distinguish them and implement meticulous marketing strategies for dif-
ferent types of customers is an urgent problem for the companies. This paper proposed an im-
proved RFM model, which measures customer value from three dimensions of recency, frequency
and management fee, and grouped users through K-Means algorithm. The model was verified by
using the historical data of a certain fund company’s product, and five clusters were obtained.
Based on the characteristics of users in the five clusters, targeted marketing strategies were pro-
posed.
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Figure 1. 1-9 Marking and comparing matrix

B 1. 1~9 $RFRUR LB BT REE

22. K BEBHSE

“KIME” Xl R E R (1967) [6]H2 H, mmﬁ&@, ATLLB R 1957 4, HrHZEH(1957)
(7] 55 RHE(1957) [8]4r AIAES B B FT AU 38 R 1) AR, X — AR 7R 23 6] 5 %%ﬁﬁﬁ%ﬁa
AT R TN FH RIS, RILHIE TS, TR N R s R N . A R
m%%ﬁ%%ﬁw&%%ﬁ%ﬁ%@mm@mmmm%ﬁﬁ&ﬁﬁ%%oﬁ&ﬁ%%%Aﬁﬁ&k%%
%%ﬁﬁ,ﬂu%%MMi%ﬁ%*ﬂﬁﬁﬁﬁﬁ SRJE T AR 0 i, ARAE O S B X R
SR E RGBS E R AW E P OO E R, BRI, B R

DOI: 10.12677/fin.2019.96070 636 G


https://doi.org/10.12677/fin.2019.96070

TS

A4
3. LIy
3.1. HiEeE

AR EARE RN RIS AT R RAE 2018 4 12 A 11 H R HBEMEESE 201944 8 A 14 HIX
P A2 AT (R B . B R A, 153 TR A R Fy MF 3l .

3.2. YRR

MY F R B A BT B A LA A R T B A ) A B (5 TS ) S B R I FR bR B s AT A
B B AT A AL o BT R B A R B R A0 A, 80% LA #SAE Fh AE AR A X 1], D3
MR PR EE T R a8, BRI A+ A5, R B H () REMF 80 e rebriidh, 28
3 80%RATR AN FH P 2 IR B 22 BRI, XMELMSEI P X 5, AR S iR, R A SCR A
I T E, KA P REMF =48R ETIT 2, 1~10 20 Lot MF X —454E, HE4 0T 10% M H 7
1E MF IZXANMEhR B2h R 4T 10 45, B 10%~F1 20% 89 4T 9 455 BT 20%~F1 30% 09 FH 4T 8 7, ikt .
3.3. BANMRERE

K BMERERI R — D 2 0 WML, AR K AN . B8 AU F 7 i 8 520 9]
[1OJRT CH 48FR[ 1170 B B0 2 F - RS 200 98 PEAR 3, 2150 IR R 2R B W& 1T B 5 TR 28 AN S
Y0722 BRIPUE T RS, WA BEANGE T B RBAE, W ER S T, HTK
TP, i K30 RZE L, R A, BT e E K E, WiE 2, W]

"N K mIEHN 5.
T B B I SR SR
30000
25000
20000
ey
)
g5 15000
®
E% 10000 —
5000
0

1 2 3 4 5 6 7 8 9 10
KAACRZEAE0

Figure 2. K-SSE curve
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Figure 3. K-CH curve
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