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Abstract

As an important step in the construction of digital city, the accuracy and completeness of point
cloud classification will directly affect the accuracy of subsequent modeling. Based on the spatial
structure of point cloud, this paper adopts a point cloud classification idea with cluster as unit,
hoping to achieve a good classification effect while ensuring the integrity of ground objects. Firstly,
a progressive morphological method is used to filter the point cloud, and the ground points are
removed to make the ground objects more separable. On this basis, the Euclidean distance is used
to cluster the point cloud; the eigenvalues of all points in the cluster at different scales are calcu-
lated, and the classifier is trained using two samples of trees and buildings; finally, building clus-
ters are extracted by threshold segmentation. From the results, the method can basically achieve
the complete classification of buildings.
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Figure 1. The results of morphological filtering (only retains ground object information)
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Figure 2. The results of Euclidean clustering (the number of clusters is 189)
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Table 1. The fault classification rate of different scale combinations
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Figure 3. The result of point cloud classification (dark points are buildings and light points are vegetation)
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Figure 4. The result of removing the vegetation cluster using threshold segmentation
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