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Abstract

Aiming at the problems of insufficient high-resolution SAR image data that can be used for change
detection model training and the complexity of SAR image processing and sample labeling, this
paper carried out research on the production method of SAR image change detection data set to
simplify the SAR image processing and sample labeling process. A set of high-resolution SAR image
change detection data set is obtained by preprocessing, fine registration, sample labeling and data
enhancement of several high-resolution third-level SAR images successively, which provides data
basis for the training and testing of deep learning change detection network. Through the experi-
mental test and analysis of STANet, DSAMNet and SNUNet network model training, the validity of
the SAR image change detection data set obtained by the data set making method proposed in this
paper is verified in the multi-scene change detection task.
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Figure 1. Basic flow of change detection method
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Figure 2. Example of common datasets for SAR change detection
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Table 1. Specific information of original images of experiment

#* 1 XRFREEEAFER

L2 R BT AHSC AR AR R I AR AR AR I TR
1 2018-10-09 2020-07-08
2 2018-10-09 2021-04-24
3 2018-10-09 2021-07-20
4 2018-10-09 2021-10-15

2018-06-27 2021-06-04
6 2018-08-05 2018-09-20
7 2018-08-05 2019-06-20
8 2018-08-05 2019-07-19
9 2021-08-07 2021-10-04
10 2020-08-22 2020-09-13
11 2020-08-22 2020-12-28
12 2020-08-22 2021-05-27
13 2021-01-19 2021-03-01
14 2021-01-19 2021-09-03
15 2021-01-19 2021-10-19
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Figure 3. Flowchart of dataset production
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Figure 4. Examples of HSPCD
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Figure 5. Change detection results of different models
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