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Abstract

To optimize the taxi space resource dispatch, a clustering model using OPTICS algorithm is pro-
posed for the clustering of taxi passenger carrying area under the condition of intensive road and
small difference in data density. By comparing with the results of the traditional DBSCAN algo-
rithm in experiment, it is found that the OPTICS algorithm can effectively eliminate the interfe-
rence of parameter setting on the experimental results. It helps to the problem of traditional algo-
rithm DBSCAN applied to such situation, and enhances the efficiency of taxi dispatch. This research
has practical guiding effect on improving the load factor of taxi and reducing the time of idle load.
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Figure 1. Distance frequency chart of the taxi journey

E 1. TR SEEME S

BIERH, REIEEFTFRASEENMERN 3.32 Tk, WMAEEZERN3.73 TK, 50%HITFRERE SEE
FE1.25 ToK 2 3.92 TKRZIE, K& 1 BHALT 10 TR 20 TARAEA — MOV ERRE, #5258
4 LR IE R T i s A IS I A B i SR R . TR, FTER RSP EBETR KN E.

5 6 3] o T ) AR A T A2 30 Rt 4 A R AR AL B I B, AR ST $E 20130 2014 RS — 2= T
9:00~10:00 HAIH] /™2 AT A2 B AE ALY H N

5.1. DBSCAN E3%s0i8
18 ] DBSCAN o 325 Ja) 437 B BT 82, it MR R 1007 N e — NBON & BRI TR EE 1, 1% 1E

DOI: 10.12677/hjdm.2020.101004 43 EAGIEEraE


https://doi.org/10.12677/hjdm.2020.101004

E/R7]

& ABIHUE 100 K, A, BUE 14 Z60F T, HARREIRAIE 2 s, KOOV ARBEA, 0 mouf

Dropoff locations

BHREABULT 100 BIFEREA

Pickup locations

40.82 40.82

40.77

latitude
5

40.72 40.72

40.67
-73.90 -74.05 -74.00 . -73.95 -73.90
longitude

7405 7400  -73.95
longitude

Figure 2. Result of DBSCAN clustering experiment
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Figure 3. Result of OPTICS clustering experiment
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Table 1. Statistics of the main clusters under DBSCAN
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Table 2. Statistics of the main clusters under OPTICS
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Table 3. Comparison of clustering results under DBSCAN and OPTICS
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