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Abstract

Clinical medical career is an important aspect of the development and application of big data. In
this paper, using data from patients with oral squamous carcinoma as a basis, we explored the re-
lationship between the three of influencing factors, survival time and outcome by mining survival
analysis (Kaplan-Meier) curves and data from patient observation, and then predicted the risk rate
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by Cox regression model, and achieved to study the importance of each factor on survival proba-
bility. This model can be used in clinical care for the study of oral squamous cancer.
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Figure 1. Heat map of data feature relationships
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Figure 2. Survival analysis curve
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Table 1. Examples of variables and parameters
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HH

Age 0.416 1516 1.357 1.693

Stage 0.463 1.666 1.029 2.700

Sex 0.351 1421 1.077 1.875
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Table 2. Table of model evaluation parameters
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P BHH
Concordance 0.83

Partial AIC 1274.90

Log-likelihood ratio test 103.81
—Log2(p) of Il-ratio test 69.19

BRI PEAN Z 5032 035 2 s, Concordance {4 0.83, EMIBIRIIA RO AR, 4K 1T FH 5k 22 30 iE KU
EL B s HE R o

Table 3. Residual verification table
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B p
Age 0.6002
Stage 0.1916
Sex 0.4557

Global 0.5296
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Figure 3. Important factors chart
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