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Abstract

A data fusion method based on Bayes reasoning is proposed to promptly judge the orbit control
effect of satellite. Firstly, the prior probability of satellite telemetry data including temperature,
attitude, and orbit is calculated. Then, the posterior probability is obtained by data fusion using
Bayes reasoning method, and the orbital control effect is judged according to the posterior proba-
bility. The results show that it is more accurate and reliable to calculate the orbit control proba-
bility by data fusion algorithm than by using a single amount of information.
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Figure 1. Framework based on Bayes inference method
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3. #T Bayes IR SCHI
31 BHEBERAEERITHE

BRI R AL B DU R TH R B A R, S5 SRR AR, IR AL TREAR MR
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