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Abstract

Oriented chemical driven rotating machinery equipment-fan fault, the paper proposes a kind of
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fault prediction model based on deep belief network, through the design of data acquisition sys-
tem, the construction of a data set, feature extraction, the depth of the neural network model
training, prediction results output five steps. The advantage of this model is without prior to build
knowledge model, which is based on the data of information acquisition and model building, and
the industrial equipment failure prediction has a good effect.
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Figure 1. Data acquisition process
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Figure 2. Structure of a single hidden layer
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Figure 3. Structure of multiple hidden layers
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Figure 4. Fault prediction model based on deep neural network
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