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Abstract

In order to improve the accuracy of the temperature products under the GRAPES model, this paper
uses the temperature data under the GRAPES model for the whole year of 2021 as the forecast da-
ta, the ERA product of the European Center as the live data, and the data points are distributed as
grid points. The study area is 30.61°N~30.73°N, 103.78°E~103.90°E. The data on the 25 grid points
within the range are processed by Kriging interpolation according to the time interval of every 1
hour. The initial value field interpolation of the forecast data to the grid point 30.7°N, 103.8°E near
Wenjiang Station, after obtaining relatively stable forecast data, use linear fitting to analyze the
fitting line that best fits the forecast and actual temperature from the angle with the smallest overall
anomaly value; use cubic spline interpolation. The fitting is based on the slope relationship analy-
sis between the points and the fitting line that best fits the forecast and actual temperature; a
neural network is also used to analyze the training, in order to minimize the abnormally large dif-
ference between the forecast temperature and the actual temperature, to fit Combine the curve
that best matches the forecast and actual temperature. For the correction results, the residuals
between the fitting results after correction and the actual observation data are analyzed and
compared to determine the reliability of a correction method. The results show that: 1) In the ini-
tial value field after Kriging interpolation, the overall residual value has more small values and
less large values, which is closer to the real data. 2) The fitting results of the three correction me-
thods are all closer to the real data than the original Kriging interpolation initial value field, and
the mean value points in the area with small residual values are denser. 3) Compared with the
three correction methods, the area with large residual value of cubic spline interpolation fitting
has more fitting data points, especially the area with residual error exceeding 5°C, which is easy to
cause some time points, fitting and there is a big discrepancy between the actual situation; the da-
ta distribution in the area where the residual value of the fitting result of the linear fitting and the
neural network analysis training is small is very sparse, but the comparison between the two, the
fitting result of the neural network analysis training, the fitting data and the actual data are very
sparse. Most of the residual distribution of the data is concentrated in the small value region of
-2°C to 2°C. The results are much the same as the actual situation.
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