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Abstract

The year 2020 will be the end of China’s fight against poverty. After the victory of the battle
against poverty in China, the intersection of poverty alleviation and return to poverty is the main
problem faced by China. Therefore, it is very necessary to analyze the influencing factors of po-
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verty and cluster different regions according to the poverty degree, so as to find targeted poverty
alleviation methods. This paper selects eleven indicators from six dimensions, including economy,
population structure, education, medical care, culture and transportation, and uses principal
component analysis for dimensionality reduction. The first three principal components are se-
lected according to the cumulative contribution rate. Then, Ward clustering method was used to
divide the 31 regions into four categories according to the causes of poverty, and effective sugges-
tions were put forward according to the classification.
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Table 1. Selection of poverty index
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Table 2. Results of principal component analysis
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Comp.5 0.69925256 0.04445038 0.93709970
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Comp.7 0.44296471 0.01783798 0.98188361
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Comp.9 0.23438662 0.00499428 0.999247968
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Comp.11 0.0909524465 0.0007520316 1.00000000
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Figure 1. Steep slope map of principal component analysis
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Figure 2. Scores of the first three principal components
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Figure 3. Tree diagram
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data <- read.table("D:/data/data3.csv", header = T, sep = ",") #EL N

datal <- scale(data[, -1])

# FH i #
round(cor(datal), 3) #1F S AHICHE, TREE 3 AL/
PCA<-princomp(datal, cor=T) #MAHIHE 5 H A& 4T 5 s A
PCA

summary(PCA, loadings=T) #%| t} 3= 553 73 Hr 11 25
screeplot(PCA, type="lines") #FEHE &, H E LKA
scores<-round(PCASscores, 3) #1347, TREE 3 L/

scores<-cbind(data[, 1], scores[, ¢(1, 2, 3)]) #FHIX & 587 3 D FE W55 &I

scores
# ward F #
d <- dist(datal, diag = T)

HIE 72 J5 AE#

hc<- hclust(d, "ward.D")
cbind(hc$merge, round(hc$height, 2))
plot(hc, hang=-1, labels = data[, 1]) #F 3/ Hr 2 &
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