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Abstract

In order to meet the high real-time demand under the background of industrial Internet of Things
in the era of big data, we propose a task offloading method based on data stream correlation in
industrial intelligent edge computing based on edge computing and machine learning. Topological
sorting, decision tree are adopted to seek task relevance, so as to avoid problems such as exces-
sive cache and insufficient memory capacity caused by irrelevant data offloading, repeat data of-
floading multiple times and unordered offloading in multi-task scenarios. In this study, two sche-
duling algorithms are designed, respectively corresponding to two different scenarios of high and
low repetition rate of characteristic data required by multi-task decision so as to ensure the
real-time performance of task processing. In addition, this study is strictly controlled under the
constraint of bandwidth to ensure the reliability of scheduling.
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Figure 1. Industrial intelligent edge computing framework
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Figure 2. Application scenario diagram
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Figure 3. Algorithm flow chart
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Figure 4. Experimental results
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