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Abstract

Social media high-impact users combine unique content, the commercial value of their own topics,
and efficient traffic monetization capabilities. Constructing portraits of high-impact characters can
directly display the typical characteristics of group personnel, which plays an important role in
expanding the radiating power of excellent network culture, providing accurate services to the
platform, maintaining core users, and supervising public opinion. Taking influencer as an example,
we use Python to acquire and process user behavior data, construct user portrait conceptual mod-
els from multiple dimensions of influencer, use tools such as “WordCloud”, “Mapplotlib”, and
“Pyecharts” to visualize and develop Empirical Research. The experimental results show that in-
fluencer is mainly divided into two categories. Taking randomly selected domains as typical rep-
resentatives, we obtain typical portraits of different high-impact users. According to the key group
characteristics of users and their fans, it shows that the user portrait model can bring tremendous
application value in the aspects of personalized service, recommendation system and precision
marketing of social platforms.
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Figure 1. Proportion of VIP users of Sufi fans
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Figure 2. Sex ratio of Sufi fans
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Figure 3. Statistics of the number of Sufi fans’ attention
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Figure 4. Statistics of Sufi fans’ answers to questions
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Figure 5. Introduction key words cloud of Sufi fans
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Figure 6. Sophie’s word cloud for answering questions
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Figure 7. Sufi’s profile key words cloud
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Figure 8. Emotion analysis histogram of Sufi’s personal signature
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Figure 9. Sophie’s answer to the question emotion analysis histogram
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Table 2. Comparison of screenshots of high-impact user homepages
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Table 5. Word cloud comparison of research areas of users’ followers
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Table 6. Comparison of sentiment analysis histograms for users to answer questions
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Table 7. Word cloud comparison of keywords answered by users
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Table 8. Comparison of visual model of fan VIP ratio

5% 8. #22 VIP EL AT iR B X T EE
JR3E T

VIPRSLESI

% 8 WL, =LA B 2 BER AR d AR VIP A R HY ) DA A By 22 BEAR Y VIP RFIE S
MPHR, MSHTF-FEH K. AT LHENRT-F & KRR DIRE AT LU B ], R — MR S5 BRI 1

L
= o

2) Bree ik I Lot

Table 9. Comparison of visual model of male-female ratio
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Table 10. Comparison of visualization models for the number of followers
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Table 11. Comparison of visualization models for the number of fan questions answered
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Table 12. Comparison of keyword word cloud on fan homepage
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