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Abstract

In the face of a large number of comments, it is cumbersome and inefficient to classify them only
by relying on human resources. This paper proposes an improved online comment classification
model based on sentiment analysis, which combines grey correlation analysis with Naive Bayes
algorithm to consider the user sentiment orientation in online comments, and embed the result of
grey correlation analysis as a feature attribute into the Naive Bayes classification model. This pa-
per takes the Dyson V10 Fluffy Extra handheld wireless vacuum cleaner of JD.com as the research
object, and mines real online review data to test the classification effect of the model. The results
show that the classification performance of the improved model is significantly better than that of
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the traditional Naive Bayes classification model, and the evaluation index F value increases by
3.06%. This method has certain advantages in the application of online review text classification.
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Figure 1. Internet user scale and Internet penetration rate
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Figure 2. Review classification framework
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Figure 3. Grey correlation analysis
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Table 1. Online comment collection
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Table 2. Identification results of “feature-point”
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Table 3. Model comparison results
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