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Abstract

According to the current research on power grid data, the research on voltage data is only in-
volved in the monitoring and identification of overvoltage problems and the collection and man-
agement of voltage data. This paper considers the regularity of different bus voltage at different
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period in Guangzhou, using support vector machine regression to study on voltage characteristic
curve. Without fully considering the specific operation of power within the system, the paper uses
K-means clustering on system voltage characteristic and does some research on voltage, to streng-
then the analysis of power grid and improve voltage management effectiveness.
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Figure 1. 12 Month voltage data sequence diagram of changgang.10MM2A
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Table 1. Parameter selection process of changgang.10MMZ2A training set (C,y)
# 1. changgang. 10MM2A 463144 (C,y) SHEIRiTTE

CHIFEE X [1] y B IXTA] HKp BAT IR LCIE AT Ry
2-20-220 2-20-220 2 0.25 4
2-10-210 2-10-210 1 0.125 4
2-10-25 2-4-210 05 0.088388 5.6569

2-6-2-2 20-24 0.25 0.0625 8

2-6-2-2 20-24 0.15 0.066986 4.2871
2-6-2-2 20-24 0.1 0.0625 6.9644
2-6-2-2 20-24 0.05 0.0625 6.9644

L O SIS A K 04 ME %, BAT3E) T — MR LRI S5 4 (C,y) = (0.0625,6.9644) .
P % R K B BB B e MEAT W ZE SRR AR W5 e b — b 2 B (L B B
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Figure 2. Voltage characteristic curve of changgang.10MM2A
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Table 3. Data of clustering results

=3 BEARYE

5 FAEANH IR 2 7 R HNIRUEZE
RS 81 46.89057 0.76085
EE S 95 25.25828 0.51563
H=k 122 24.9894 0.45258
EHUES 98 39.89506 0.63804
EEIES 164 37.00593 0.47502
BANK 14 7.240537 0.71915
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EAEEATR TN AVC R GErh AL R RHE B 2 3EAT 1R, #5316 KRB TR, FKE
AR e F O (Y L AR AE A e 15 3, P 2n i g b il 2k .
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Figure 3. Results of K-means clustering
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Figure 4. Characteristic curve of main transformer cluster center
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Figure 5. Quantitative distribution of clustering characteristic curves
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