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Abstract

Double truncated data due to the limit of observing time and other objective reasons of the expe-
riments are quite common in the field of survival analysis. So the discussion of this type of data
under different models is of great significance. Considering the partial linear model under the
two-sided truncated data, based on the inverse probability weighting of the observed data, kernel
estimation is used to estimate the linear parameter. Asymptotic expressions for the bias and va-
riance of the estimator are given. Compared with the common method, the bias and variance are
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improved. The real data analysis of AIDS virus infection age and incubation proves the practicabil-
ity of the proposed method.
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Table 1. Parameter estimation of model 1
% 1. EE—S T

BMTHER flivh& n Bias SE 95%E 15 [X [H]
100 0.0234 0.0219 (2.93,3.02)
Bous 200 0.0039 0.0148 (2.97,3.03)
400 0.0281 0.0097 (2.95, 2.99)
o2 100 0.0114 0.0044 (2.98,3)
B 200 ~0.0106 0.0047 3,3.02)
400 0.0043 0.0030 (2.9, 3)
100 0.0151 0.0199 (2.95,3.02)
Born 200 0.0258 0.0118 (2.95,3)
400 0.0071 0.0083 (2.98,3.01)
o 100 ~0.0184 0.0127 (2.9, 3.03)
B 200 0.0125 0.0023 (2.98, 2.99)
400 -0.0058 0.0014 (3,3.01)
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Figure 1. The fitting of two methods to non-parametric part of model 1 under different (n, p)
1. AR (n, p) BUEETA#M A ENRE—IFES KBS

Table 2. Parameter estimation of model 2

2 BESHIEIT

BMTHER flivh& n Bias SE 95%E {5 X ]

100 0.0174 0.0447 (0.96, 1.02), (1.97.2.03), (-1.01, —0.96)

Bown 200 0.0112 0.0274 (0.98, 1.01), (1.96, 2), (-1.01, —0.97)

400 ~0.0081 0.0140 (0.99, 1.01), (1.97, 1.99), (-1, —0.99)

02 100 —0.0245 0.0204 (0.99, 1.01), (1.99, 2.02), (-1, —0.97)
B 200 0.0218 -0.0173  (0.99, 1.02), (1.98, 2.02), (-1.01, —0.98)

400 -0.0024 0.0149 (1,1.02), (1.98, 2.01), (-1.01, —0.99)
100 0.0259 0.0396 (0.95, 1.01), (1.95, 2.01), (-1.01, —0.97)

Bown 200 0.0155 0.0183 (0.98, 1.01), (1.97, 1.99), (-1, —0.98)

400 0.0132 0.0106 (0.98, 0.99), (1.98, 1.99), (-1, —0.99)
o 100 0.0149 0.0119 (0.98, 0.99), (1.97, 1.99), (-0.98, —0.97)

B 200 0.0036 0.0173 (0.99, 1.01), (1.98, 2), (-1.01, —0.99)
400 -0.0027 0.0118 (0.99, 1.01), (1.99, 2.01), (-1.01, —0.99)
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W21k SE, WNARE ICUB HIETIX A4 (L, R) = (54— (INF-0.5),138—(INF-0.5))
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Figure 2. The fitting of two methods to non-parametric part of model 2 under different (n, p)
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