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Abstract

Taking the outbreak of the COVID-19 as the research background, and aiming at a large number of
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text data in the Oriental Fortune Stock Bar that can reflect the public opinion of the stock bar, this
paper selects the review data of the stock bar of Jiu’an Medical from January 15, 2022 to October
15, 2022, compares a variety of emotion analysis models, and selects Bert + Bi-LSTM model to
classify investor sentiment. During the sample period, the proportion of positive emotions was
41%, and the proportion of negative emotions was 59%. Using the constructed investor sentiment
index and the stock price rise and fall, we conducted a multiple linear regression model to reveal
the relationship between investor sentiment changes in the stock bar and stock market volatility,
and showed that there was a positive prediction effect in the short term and a negative prediction
effect in the long term. However, the sample period of this empirical study is short, and the stock
bar data platform selected is single, which may have a certain impact on the experimental results.
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Figure 1. Change of daily posts
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Table 1. Comparison of emotion classification results
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Figure 2. Emotion ratio chart
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Figure 3. Histogram of investor sentiment index
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Figure 4. Online chart of investor sentiment index
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Table 3. Multiple linear regression results
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Figure 5. Broken line chart of investor sentiment index and stock fluctuation
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